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CnekTpanbHbI aHanus3
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[loaoroTtoBKka 3BYyKa
e Pre-emphasis: y[n| = z|n] — ax/n — 1]
e Hopmanusauunsa rpoMKOCTU:
o MinMax ->[0..1]
o W3-kopobku librossa ansa np.float [-1..1]

O

e YanuHeHWe KOPOTKUX KNnnoB (Obinin 6arv B AaHHbIX)
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AyrmeHTauung

[NobaeneHne wyma (6enbin, po3oBbLIN, aBTOCTPaaa,
KYXHS)
Cny4anHblie casurn Bo BpemeHun (~200mc)

PactarnsaHune Bo BpemeHu (1)

Cny4anHble pacTtdarusaHuve no amnnutyae (?)
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OHO He oby4yaeTcs

Kakon ontumusatop mncnonb3oBaTtb: Adam, SGD + nesterov,

RMSProp, Adadelta... Tbicaun nx

Kak nogobpaTtb learning rate ansa ontmmmnsartopa

Kak nogobparts learning rate decay
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HoBble cnoBa

Batch normalization

Kernel _regularizer
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CHoOBa HOBbIe cnoBa

ReduceLROnPlateau

Residual Networks

weight layer

F(x)
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1D ResNet

17 Residual 611okn no 2 CBEPTKM BHYTPU
IToro 34 cBepTKK
GlobalAveragePooling

1 Dense cnown Ha Bbixog (softmax)
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[ onnlocoBaHue Mmoaenen

Tpu ny4vwme mogenu Ha validation ~ [0.79..0.82]
Ob6bIvHbIM HardVoting

Pe3ynbTaTa Ha private: 0.84
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https://qgithub.com/blan4/kaggle_speech_recognition - nCXogHWKK

https://www.kaggle.com/c/tensorflow-speech-recognition-challenge

https://www.youtube.com/watch?v=UMh9EmgkN6w

http://www.speech.cs.cmu.edu/15-492/slides/03 mfcc.pdf

http://haythamfayek.com/2016/04/21/speech-processing-for-machine-learning.html

https://habrahabr.ru/post/140828/ MFCC

https://arxiv.org/abs/1512.03385 ResNet

https://arxiv.org/abs/1710.06554 Honk - peweHne opraHn3aTopoB

http://deeplearning.net/wp-content/uploads/2013/03/pseudo_label_final.pdf PseudolLabeling
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